Splat and Distill: Augmenting Teachers with Feed-Forward 3D
Reconstruction For 30-Aware Distillation
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How can we make them 3D aware?
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Results
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MEF - Multiview Equivariance Improves 3D Correspondence Understanding with Minimal Feature Finetuning

FiT3D - Improving 2D Feature Representations by 3D-Aware Fine-Tuning
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Conclusion

Boosts 3D awareness via an adaptive student-teacher
distillation framework.

Eliminates slow optimization by leveraging fast feed-forward Gaussian
Splatting.

Enhances memory and computational efficiency by requiring
significantly fewer Gaussians than optimization-based methods

Achieves SOTA results across diverse 3D-aware evaluations.



Thank you for listening!
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