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METHOD - ..

Reason-Reflect-Refine (R3) Framework

Reason: The model analyzes the user’s intent, enriches the initial prompt with fine-
grained details, and synthesizes an 1nitial image.
Reflect: The model evaluates 1ts output against the original prompt. If aligned, terminate;
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OVERVIEW

Current multimodal models face a key challenge: enhancing
generative capabilities often comes at the expense of
understanding, and vice versa. We analyze this trade-off and

-EXPERIMENTS 7

Generation Results

Table 1: Instruction-following generation ability on the GenEval++ benchmark, evaluated by GPT-4.1.
Bold indicates the best result. findicates our framework with only the reasoning stage. Green arrows
indicate improvement over the BAGEL baseline.
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Table 3: Evaluation of VQA capabilities. All scores are reported as accuracy (%). tindicates our
framework with only the reasoning stage. Green arrows indicate improvement over the BAGEL
baseline.

Contribution

(1) Systematic analysis of the conflict between generation and

Tree-RL Training Strategy

We split the trajectory into Reason and Reflect-Refine stages with separate optimization. VOA Color Count Color/Count Color/Pos

Pos/Count Pos/Size Multi-Count Overall
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generation, and a correctness metric for reflection that rewards measurable improvement or

correct termination. Figure 7: The evolution of generation and understanding abilities in the training process. The left

figure shows the generation accuracy (measured by Qwen-2.5-VL-72B.) and the right figure shows
the VQA accuracy.




