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Multimodal safety is weaker than it looks when the harmful information is embedded in genuine visual understanding rather than obvious hidden 
payloads.

The proposed method MM-Plan achieves 46.3% attack rate on Calude 4.5 Sonnet and 13.8% on GPT5.

Prior attacks (top) embed harmful 
instructions typographically within 

images. In contrast, Visual Exclusivity 

(bottom) presents an Image-as-

Basis threat where text input alone is 

insufficient—the harmful goal requires 

reasoning about spatial and functional 
relationships exclusive to the image.

Paper & Code

Visual Exclusivity Attacks: Automatic Multimodal Red Teaming via 

Agentic Planning

Introduction

MM-Plan framework. Given a harmful goal and image, our Attacker Planner generates complete multi-turn 
strategies in a single pass. Plans are sampled and executed against victim MLLMs, with rewards collected 

from a judge model. The policy is updated via GRPO based on relative plan performance.

Ablation Study

Conclusion
Current safety alignment 
protects models from what 

text says, not from what 

images mean. Visual 
Exclusivity shows that when 

harm lives in the reasoning, 

not the words, even frontier 
models fail.
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